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Application of radiomics in diagnosis of lung cancer metastasis
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Medical University, Zhanjiang 524000, China)

Abstract; Lung cancer is a malignancy with the highest morbidity and mortality in the world. Radiomics refers to the

transformation of traditional medical images into a large number of quantifiable data and subsequent extraction of valuable

image features to create mineable databases, which can provide support for clinical decision-making. This paper summarizes

the basic steps of radiomics in lung cancer and its application in the diagnosis of lung cancer metastasis.
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Local treatment for hepatic carcinoma in specific sites
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Abstract; In the past, the main treatment for hepatic carcinoma located in a special site was generally surgical

resection. With the continuous improvement of the medical treatment level, local treatments such as local ablation,

stereotactic radiotherapy, and hepatic arterial chemoembolization have been gradually applied in the treatment of hepatic
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